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Innovation Wins Over Macro In Long Run
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Chart 5: Enduring “bromance” of the Fed & Wall St
G3 Central Bank balance sheet (5tn) vs Nasdaq 100
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Source: BofA Global Investment Strategy, Bloomberg. G3 central banks = Fed, ECB, Bo)
BofA GLOBAL RESEARCH
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Copilot for Microsoft 365 available as an

add-on?

Microsoft 365 E3 (ho

Teams)

$33.75 wcctmont

(Annual commitment)

Contact Sales

Try free for one month >

See trial terms?

Learn more >

Microsoft 365 apps for desktop and

mobile
Windows for Enterprise
1 TB of cloud storage

Core security and identity management

capabilities

Copilot for Microsoft 365, available as

AN Rf‘l!"l—ﬂﬂg

Copilot for Microsoft 365 available as an

Microsoft 365 E5 (nho

add-on?

Teams)

$54.75 wecrmont

(Annual commitment)

Contact Sales

Learn more >

Everything in Microsoft 365 E3 (no

Teams), plus:

v

Advanced security and compliance

capabilities

Scalable business analytics with Power
BI

Copilot for Microsoft 365, available as

<Z=X: microsoft>



Microsoft 365 + Copilot

Copilot for Microsoft 365 pricing

Copilot for Microsoft 365 Achieve more than ever before using Al. '~
) Integrated with TeamsZ, Word, Outlook, i
$ 30.00 PowerPoint, Excel, Edge for Business, and
other Microsoft 365 apps -

user/month with an annual subscription |
© Al-powered chat with Microsoft Copilot

1
R () Create plugins to your data and automation

using Copilot Studio

() Enterprise-grade security, privacy, and
compliance

A product license for Microsoft 365 Business Standard,
Business Premium, E3, E5 or Office 365 E3 or E5 is required
to purchase Copilot for Microsoft 365.

<=XN: microsoft>
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BLACKWELL VERSUS HOPPER

128 billion more t
5X the Al p ormance

4X the on-die memory

A2 Nvidia

GTC 2024 7|cE0fA SHSt MZR OF7|HX “Blackwell’?| F2 A Argt
Hopper CHY| SH&2 44H, =22 308, 0|LX| E82 258 2+

Announcing NVIDIA Blackwell

BLACKWELL
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Hopper VS Blackwell

90Y SO GPT-48 ZH&ICtD S mf QS HFE 23 H|w
(ZDHopper 7|8t HIO|E{MIE] vs (2)Blackwell 7|8t H|O|E{MIE]

:Z’Tﬁ"lg;::ti

as

<= AE[C|of, Oj2fo| XS 2>



27

GB200

GB200 NVL 729] 7+4=
GB200 #+H¥ MH 2747 20f HFEY E&0| 37 =31, 0] E&|0|7} 2 2t 187 UAS

GB200 SUPERCHIP

40 PETAFLOPS FP4 Al INFERENCE
20 PETAFLOPS FP8 Al TRAINING
864GB FAST MEMORY

GB200 SUPERCHIP COMPUTE TRAY

NVLINK SWITCH TRAY
2x GB200 2x NVLINK SWITCH CHIP
80 PETAFLOPS FP4 A| INFERENCE 14.4 TB/s Total Bandwidth
40 PETAFLOPS FP8 Al TRAINING SHARPvA FPE4/32/16/8
1728 GB FAST MEMORY 1U Liquid Coocled
1U Liquid Cooled 2 Per Rack
18 Per Rack

K& Nvidia
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NVLink AHX|E Ea&ist GB200 NVL 722 AHy AN RES FHS A
HELZ Edol= 97 =X, UEAZ EHO0IF 27H2] NVAAZI(ASIC)7t S0i7t = 18712 ALAX] 0| XY
QEF A2 Au|C|ore] tHEXQ!I ODM YH|2! SuperMicroZt 2HE GB200 NVL 72 HiE
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Announcing GB200 NVL72 = 5

36 GRACE CPUs

GB200 NVL72 72 BLACKWELL GPUs
Fully Connected NVLink
Switch Rack

Training 720 PFLOPs
nference 1.440 PFLOPs
NVL Modei Size 27T params

Muilti-Node All-to-All 130 TB/s
250 TB/s

Multi-Node All-Reduce

o

|
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NVLINK SWITCH SYSTEM
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Top-of-Rack(TOR) Architecture

Top of Rack Switch

Network Rack

Aggregation Switch

Rack Mounted Server

A& FS Community
GB200 NVL 720ilA Z} GPUS0| S4I5k= W
Y Ui GPUS2 7t Z% 2 10| ZIXpt M2 “XiF" 3

A= Nvidia
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A2 Nvidia
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NeMo(Nvidia Enterprise Modular Al)
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ChipNeMo: Domain-Adapted LLMs for Chip Design

4 N

Pretraining

Trillions tokens of
internet data

5_ 108
\10 10 GPUhI’S/

ChipNeMo

Chat Models <«———

(7B, 13B)

A2 Mvidia

Foundation Models

/ Domain-Adaptive \
Pretraining

24B tokens of chip
design docs/code

> LLaMA2 (7B, 13B) —
4 Supervised N
Fine-Tuning

-

128K chat insts
+ 1.1K task insts

100+ GPU hrs )

Thousands GPU hrs
NG "/

|

ChipNeMo

<«—— Foundation Models

(7B, 13B)
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Tesla Optimus

Optimus - Gen 2
December 2023
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Tesla OptimusZ} A2 0|7

20Nm | 0.55kg TIONm | 1.62kg 180Nm | 2.26kg
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500N | 0.36kg 3900N | 0.93kg 8000N | 2.20kg
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